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Abstract- The integration of artificial intelligence 

(AI) into occupational health and safety (OHS) is 

transforming risk assessment practices, particularly 

within the complex domain of facility management. 

This paper examines how AI-driven tools such as 

machine learning algorithms and AI-powered 

cameras are revolutionizing workplace hazard 

identification, prediction, and mitigation. While 

effective, traditional OHS methods often fail to 

address emerging risks or adapt to dynamic work 

environments proactively. AI’s predictive capabilities 

enable organizations to analyze large datasets, detect 

patterns in workplace incidents, and provide 

actionable insights for enhanced safety protocols. 

This paper further explores the ethical and 

regulatory dimensions of AI adoption, addressing 

concerns such as biases in algorithms, data privacy, 

and the legal frameworks governing AI in workplace 

safety. Case studies and industry examples within the 

paper illustrate the tangible benefits of AI systems, 

including reduced workplace incidents, improved 

employee well-being, and the development of a 

culture centered on proactive safety management. 

Despite these advancements, challenges persist, such 

as ensuring equitable AI adoption and maintaining 

transparency in decision-making processes. 

Practical recommendations are provided for OHS 

professionals, facility managers, and policymakers, 

emphasizing the need for structured AI solutions, 

workforce training, and stringent regulatory 

guidelines. Ultimately, this paper calls for the 

responsible adoption of AI, advocating for a 

collaborative approach to unlock its full potential in 

reshaping safety practices across U.S. facility 

management and beyond. 
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I. INTRODUCTION 

 

Occupational health and safety (OHS) is a critical 

pillar in facility management, safeguarding workers 

from workplace hazards while ensuring compliance 

with regulatory standards. According to the U.S. 

Bureau of Labor Statistics (BLS), private industry 

employers reported over 2.6 million workplace 

injuries and illnesses in 2023, emphasizing the 

persistent challenges in managing risks effectively. 

The International Labour Organization (ILO) reports 

that approximately two million individuals worldwide 

lose their lives each year due to work-related accidents 

and illnesses. Additionally, an estimated 270 million 

occupational incidents occur annually, leading to non-

fatal injuries that impact workers across various 

industries. According to data from the United States 

Bureau of Labor Statistics, the construction, 

transportation, and warehousing sectors recorded the 

highest incidence and rate of fatal workplace injuries 

in 2022. 

 

Fig 1: Industries with the Highest Number and Rate 

of Fatal Workplace Injuries in 2022 

 
Source: The U.S. Bureau of Labour Statistics 
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Traditional risk assessment methods often rely on 

manual inspections and historical data, which can 

leave critical vulnerabilities unaddressed (Adesokan, 

2024; Yazdi et al., 2024). The future of work involves 

significant changes to the workplace, work, and 

workforce, necessitating increased focus from 

occupational safety and health (OSH) stakeholders. As 

facilities become more complex and workforces grow, 

traditional methods struggle to address emerging risks 

and technologies, resulting in preventable accidents 

and productivity losses (Tamers et al., 2020; Lindholm 

et al., 2024). 

 

In recent years, artificial intelligence (AI) has emerged 

as a transformative force in OHS, offering tools that 

far surpass the capabilities of traditional methods 

(Immad & Sukhdev, 2024).  As described by 

Tamascelli et al. (2022), Machine learning algorithms 

can analyze historical safety data to predict accident-

prone scenarios, while AI-powered cameras equipped 

with real-time monitoring capabilities can detect 

unsafe behaviors or hazardous conditions (ViAct, 

2023). A 2024 report by Grand View Research 

projects that the global artificial intelligence market 

was valued at approximately USD 196.63 billion in 

2023 and is anticipated to expand at a compound 

annual growth rate (CAGR) of 36.6% from 2024 to 

2030, reflecting the rapid adoption of these 

technologies. Furthermore, an HSE-article reported 

that AI-driven solutions, such as predictive analytics, 

are enabling facility managers to identify underlying 

trends in workplace incidents and take preventive 

measures more effectively (HSE, 2024). 

 

This article aims to explore the potential of AI in 

enhancing risk assessment processes within 

occupational health and safety frameworks, 

particularly in facility management. It will highlight 

the opportunities for innovation and adoption, while 

also addressing the ethical and regulatory challenges 

of integrating AI by examining real-world applications 

and their implications. The analysis seeks to provide 

actionable insights into how AI can move OHS from 

reactive to proactive, ensuring safer and more efficient 

workplaces for the future.   

 

 

 

 

II. LITERATURE REVIEW 

 

OHS Risk Assessment in Facility Management: 

Current Practices and Limitations   

Occupational health and safety (OHS) within facility 

management has predominantly depended on reactive 

approaches, including manual risk assessments, 

physical inspections, and post-incident evaluations 

(ISO 9001 Checklist, 2024; Adesokan, 2024; Yazdi et 

al., 2024). While these methods have historically 

provided a foundational framework for workplace 

safety, they often fall short in addressing the dynamic 

and complex challenges of modern facilities. 

Contemporary workplace developments, such as shifts 

in organizational structures, technological 

advancements, job displacement due to automation, 

and evolving work arrangements, are reshaping the 

landscape of facility management. These 

transformations are further influenced by 

advancements in artificial intelligence, robotics, and 

other emerging technologies, as well as changes in 

workforce demographics, economic stability, and the 

skillsets required to adapt to these innovations 

(Tamers et al., 2020). 

 

Despite these advancements, traditional OHS 

practices remain limited by their reliance on human-

operated systems and manual data interpretation. As a 

result, they often fail to preemptively mitigate risks, 

leaving organizations vulnerable to workplace 

incidents and compliance issues (Trivedi et al., 2024). 

For instance, Ensafi et al. (2021) highlight that facility 

management processes generate extensive datasets 

critical for effective operations and maintenance. 

However, these processes are often fragmented across 

multiple sites and involve disparate systems, making it 

challenging for managers to consolidate and analyze 

data comprehensively. This fragmentation limits the 

identification of recurring patterns, systemic risks, and 

underlying hazards that could otherwise inform 

proactive safety interventions. 

 

Moreover, while technological tools have improved 

data collection and accessibility, the integration and 

interpretation of this data within a cohesive risk 

management framework remain significant hurdles. 

Facility managers frequently face difficulties in 

implementing holistic strategies that can predict and 

prevent incidents rather than merely responding to 
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them. The absence of such predictive capabilities not 

only exposes organizations to preventable hazards but 

also impairs their ability to maintain regulatory 

compliance in increasingly complex operational 

environments. These limitations underscore the urgent 

need for innovative approaches to risk assessment, 

leveraging advancements in technology and data 

analytics to transform OHS practices from reactive to 

proactive, thereby enhancing workplace safety and 

operational efficiency. 

 

Advancements in AI for Workplace Safety  

The integration of AI technologies is addressing many 

of the limitations associated with traditional OHS 

practices. Machine learning algorithms, for instance, 

can process large datasets to predict high-risk 

scenarios. Luo et al. (2023) investigated the prediction 

of workplace injury severity by analyzing equipment, 

scenario, and environmental attributes, with a focus on 

improving data pre-processing and machine learning 

algorithms. The research demonstrated an 82% 

accuracy in predicting accident severity using a 

machine learning framework tested in three simulated 

scenarios.  

 

Additionally, AI-powered cameras equipped with 

object detection can identify unsafe behaviors in real 

time, such as improper use of personal protective 

equipment (PPE). Utilizing YOLO (You Only Look 

Once) algorithms, which are renowned for their high 

accuracy, can greatly enhance the detection of PPE 

compliance in new work environments (Al-Azani et 

al., 2024). Sanjeewani et al. (2023) underscored that 

inadequate adherence to safety protocols remains a 

significant risk to workers, particularly in 

environments where manual safety monitoring 

systems dominate. These systems, often characterized 

by inefficiency and limited scope, fail to 

comprehensively address non-compliance issues in a 

timely manner. To address these gaps, Sanjeewani et 

al. emphasized the importance of automating safety 

monitoring processes. Their study evaluated various 

neural network models, concluding that the Single 

Shot Multibox Detector (SSD) MobileNet V2 model 

demonstrated exceptional efficiency. This model 

proved highly effective in accurately identifying 

instances of non-compliance, offering a robust 

solution for enhancing workplace safety outcomes by 

integrating automation into safety protocols. 

In addition to automation, Obaloluwa and Peter (2024) 

highlighted the transformative role of natural language 

processing (NLP) in occupational health and safety. 

NLP technologies are increasingly being utilized to 

analyze incident reports and safety audits, extracting 

deeper insights into recurring issues and potential 

hazards. By processing vast amounts of textual data, 

NLP tools enable facility managers to uncover patterns 

and trends that may otherwise go unnoticed in 

traditional manual reviews. These technological 

advancements, encompassing both automation 

through neural networks and advanced analytics via 

NLP, collectively facilitate a paradigm shift in facility 

management. They empower managers to transition 

from reactive safety practices to predictive risk 

assessment methodologies, significantly enhancing 

the capacity to preempt workplace hazards and 

improve overall safety standards. 

 

The adoption of AI in occupational health and safety 

is not without ethical and regulatory challenges. 

According to the 2023 International Association of 

Privacy Professionals (IAPP) Privacy and Consumer 

Trust Report, 68% of global consumers express 

concerns about their online privacy, with many 

struggling to comprehend what types of data are being 

collected and used. Also, 57% of consumers believe 

that the increasing use of AI significantly threatens 

their privacy (IAPP, 2024).  In a 2023 KPMG study, 

61% of people across various countries show 

reluctance or ambivalence towards trusting AI 

systems. Furthermore, nearly 73% of individuals 

globally express concerns about the potential risks 

posed by AI (Gillespie et al., 2023).  Existing 

regulatory frameworks, such as the Occupational 

Safety and Health Administration (OSHA) standards 

established in the U.S. in 1970 and those by the 

European Agency for Safety and Health at Work (EU-

OSHA) founded in 1994, were not designed with AI 

technologies in mind, leading to ambiguities in 

compliance and enforcement. However, AI has been 

recently integrated to address these gaps and improve 

workplace safety (European Agency for Safety and 

Health at Work, 2021). The lack of standardized 

guidelines for AI in workplace safety increases the risk 

of ethical breaches and biases in decision-making. 

Murikah et al. (2024) identified key sources of bias, 

including data deficiencies and cognitive biases. They 

also noted issues like efficiency trade-offs, skill 
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erosion, and privacy risks. Proposed solutions include 

causal modeling, algorithmic fairness testing, periodic 

audits, human oversight, and embedding ethical values 

in system design. The European Union’s Artificial 

Intelligence Act (proposed in 2021) provides a model 

for balancing innovation with ethical safeguards, but 

similar comprehensive regulations are yet to be widely 

adopted in other regions (Cancela-Outeda. (2024). 

 

III. DISCUSSION AND ANALYSIS 

 

AI-Driven Risk Assessment Tools; Applications of 

Machine Learning for Predicting Workplace Hazards 

Machine learning (ML) is revolutionizing workplace 

safety by providing predictive capabilities that 

traditional methods cannot match. Integrating 

predictive analytics and AI offers a transformative 

solution by providing real-time insights, enhancing 

forecasting accuracy, and enabling proactive risk 

mitigation. These algorithms analyze historical 

incident data, environmental variables, and worker 

behavior patterns to identify potential hazards before 

they occur (Joni et al., 2024). Rongchen et al. (2020) 

examined eight algorithms for predicting accident 

severity: Logistic Regression, Decision Tree, Support 

Vector Machine, Naive Bayes, K-Nearest Neighbor, 

Random Forest, Multi-Layer Perceptron, and 

AutoML. They found that Naive Bayes and Logistic 

Regression achieved the best F1-Score of 78.3% using 

16 accident factors on a raw data set. The AutoML 

method enhanced severity classification, reaching an 

average F1-Score of 84%. Misclassification issues 

stemmed from subjective data classification and 

unusual accidents. Key factors such as "Type of 

Accident" and "Accident Reporting and Handling" 

were identified as crucial, with "Emergency 

Management" and "Safety Training" significantly 

influencing accident severity. Additionally, Decision 

Tree analysis provided a set of assessment rules for 

construction accident severity. 

 

Role of AI-Powered Cameras in Real-Time 

Monitoring and Incident Detection 

AI-powered cameras are transforming real-time 

monitoring in occupational health and safety (OHS). 

Computer vision (CV) technology, an advanced 

automated tool, is widely recognized for its 

effectiveness in extracting images and video data from 

construction sites. It has been adopted to monitor and 

identify risky factors arising from unsafe behaviors by 

construction workers such as improper lifting 

techniques, lack of personal protective equipment 

(PPE), or overcrowding in hazardous zones (Liu et al., 

2021). A report by Psico-Smart. (2024) revealed that 

facilities employing AI-enabled cameras observed a 

30% reduction in on-site injuries within the first year 

of implementation. Digital Catapult (2024) reported 

that wearable IoT devices, such as wristbands and 

smart clothing, have become advanced tools for 

monitoring workers' vital signs and exposure to 

harmful elements, providing alerts to prevent serious 

health issues. These devices, integrated with AI, can 

instantly detect if a worker is without safety gear and, 

when combined with IoT, can trigger alerts and lock 

out dangerous equipment until safety compliance is 

met. 

 

Several industries have already demonstrated the 

effectiveness of AI in enhancing workplace safety. 

Initially, the Southland Industries team used Safety 

Culture by iAuditor for job site inspections, but the 

lack of project connectivity and analytics, along with 

the administrative burden of individually field 

inspections, hindered their safety program. Four years 

ago, they switched to Safesite, which offered user-

friendly digital safety management with 

comprehensive organization and analytics. This shift 

allowed DeVan to have a fully connected safety 

program and quickly assess its health using the 

Safesite Score, leveraging leading indicators and 

machine learning. Southland experienced enhanced 

inspection and audit records, increased field time, and 

leading indicator analytics to identify project and 

division-wide trends. They also achieved an 

impressive 99.4% reduction in the Total Recordable 

Incident Rate (TRIR), dropping from 11.5 in 2016 to 

0.07 in 2020 (Safesite, 2021). Similarly, the healthcare 

sector has adopted AI for monitoring ergonomic risks 

among staff, significantly lowering rates of 

musculoskeletal injuries (Chan et al., 2022).   

 

IV. ETHICAL AND REGULATORY 

CONSIDERATIONS 

 

Potential Biases in AI Algorithms and How to Address 

Them 

While artificial intelligence (AI) systems are powerful 

tools, they are not immune to biases, often rooted in 
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the quality and diversity of their training data. These 

biases can arise when training datasets fail to 

adequately represent certain scenarios, demographics, 

or industries, leading to skewed outcomes. For 

instance, an AI model trained primarily on data from 

one sector may struggle to accurately assess risks in 

other sectors, as its predictive capacity is limited by 

the specificity of its initial training (WEF, 2021). This 

phenomenon, known as overfitting, occurs when an AI 

model adheres too closely to its training data, thereby 

impairing its ability to generalize and perform 

effectively on new, unseen data. 

 

Mitigating these biases requires the integration of 

diverse and representative datasets during the training 

phase to ensure that AI systems are equipped to handle 

varied and real-world scenarios. Josh (2023) advocates 

for a hybrid framework that combines human ethical 

oversight with AI's computational precision. In this 

framework, humans act as ethical custodians, 

addressing biases that machines may overlook, while 

AI provides efficient data processing and accurate 

decision-making. This synergistic approach not only 

enhances the reliability of AI systems but also 

leverages human intuition to maintain ethical integrity 

in risk assessment processes. 

 

Moreover, a systematic review by Fazil et al. (2024) 

underscores the intricate relationship between 

technological bias and societal impact. The study 

emphasizes that addressing AI bias requires 

collaborative efforts from researchers, developers, and 

policymakers. It recommends implementing stronger 

bias detection mechanisms, fostering increased 

diversity in AI development teams, and adopting 

transparent algorithmic decision-making frameworks. 

These measures are essential to ensure that AI systems 

contribute equitably to occupational health and safety 

in facility management, reducing the risk of 

perpetuating or exacerbating existing inequalities. 

 

Data Privacy Concerns in AI-Powered Risk 

Assessments 

AI-powered tools often rely on extensive data 

collection, including video footage and worker activity 

logs, raising significant privacy concerns. In the U.S., 

workplace privacy laws vary by state, with 

jurisdictions like California imposing stringent 

restrictions on employee surveillance (Vorecol, 2024). 

A 2023 survey by Roemmich et al.  indicated 

participants considered emotion AI a significant 

invasion of privacy regarding workers' sensitive 

emotional information and saw it as a tool that might 

enforce compliance with emotional labor 

expectations. They also raised concerns about 

potential harms to workers resulting from the use of 

emotion AI in the workplace (Roemmich et al., 2023). 

Organizations must balance safety imperatives with 

privacy considerations by anonymizing data and 

adhering to frameworks like the General Data 

Protection Regulation (GDPR) or equivalent U.S. 

guidelines (Ghorashi et al., 2023). 

Overview of U.S. Regulatory Frameworks and Their 

Implications for AI Adoption in OHS 

The regulatory landscape in the U.S. presents both 

opportunities and challenges for integrating AI into 

OHS practices. The Occupational Safety and Health 

Administration (OSHA), while robust in its mandate, 

lacks specific guidelines for AI-driven risk assessment 

tools. As AI adoption grows, legal ambiguities could 

expose organizations to liability issues (BIZTECH, 

2023). However, emerging policies, such as the 

National AI Initiative Act of 2020, aim to standardize 

AI applications across industries, including workplace 

safety (The White House, 2023). Proactive 

engagement with regulators and adherence to ethical 

AI frameworks can facilitate smoother integration 

(Pokholkova et al., 2024). 

 

V. IDENTIFYING PATTERNS AND 

ACTIONABLE INSIGHTS 

 

How AI Detects Trends and Patterns in Workplace 

Incidents 

AI’s ability to process large datasets in real time 

allows it to identify trends and patterns that human 

analysts might miss. Luo et al. (2023) indicate that 

after addressing class imbalance and improving text 

segmentation, the dataset can be used as a training 

sample to accurately predict injury severity, achieving 

an accuracy of 82% in three simulated scenarios with 

the RF machine learning model. The feature 

importance ranking helps identify critical attributes 

that explain the causal relationships behind injury 

severity, providing managers with effective accident 

prevention strategies to minimize occupational 

injuries and losses. Olugbade et al. examined the 

application of AI and machine learning in road safety, 
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focusing on automatic incident detection systems. 

They highlighted emerging trends and critical factors 

like route optimization, cargo volume forecasting, 

predictive fleet maintenance, real-time vehicle 

tracking, and traffic management to improve road 

safety.  A 2024 study  by Vass  research found that the  

application of AI in warehouses optimizes operations 

through advanced algorithms and machine learning. It 

enhances efficiency in inventory management, order 

fulfillment, predictive maintenance, and automated 

quality control. AI analyzes data to optimize resource 

utilization, predicts maintenance needs to prevent 

disruptions, and plans transportation routes to reduce 

fuel consumption and emissions, thus improving 

overall responsiveness and sustainability. These 

systems also utilize natural language processing 

(NLP) to analyze unstructured data, such as employee 

reports, identifying Natural Language Processing 

(NLP) has proven valuable for extracting insights from 

unstructured data. This review investigates NLP's 

development and use in analyzing unstructured 

clinical data related to hypertension, aiming to 

synthesize current research, identify trends and gaps, 

and highlight areas for future study(Jiancheng et al., 

20024) 

 

VI. CASE STUDIES ILLUSTRATING AI-

DRIVEN RECOMMENDATIONS 

 

The study of Immad A Shah and Mishra, 2024 reviews 

advancements in occupational health and safety 

(OHS) driven by AI technologies, highlighting their 

potential to prevent occupational diseases and enhance 

safety solutions. By analyzing literature from 1974 to 

present, it identifies how AI-driven technologies 

provide predictive insights, real-time monitoring, and 

risk mitigation strategies, transforming organizational 

approaches to health and safety. The integration of AI 

marks a significant milestone in creating safer, 

healthier, and more sustainable workplaces. 

 

In a similar vein, UPS faced challenges in managing 

logistics and delivery routes efficiently. They 

developed ORION, a predictive analytics tool, to 

analyze historical delivery data and real-time traffic 

conditions. This tool optimizes delivery routes, 

reducing fuel consumption and delivery times, and 

lowering carbon emissions. The key lesson is that 

predictive analytics and dynamic route optimization 

can significantly enhance operational efficiency in 

logistics, benefiting both the environment and the 

economy. 

 

Another example comes from the energy sector In the 

oil and gas industry, predictive maintenance (PdM) is 

crucial for ensuring the uptime of industrial pumps. 

Traditional preventive maintenance often leads to 

unnecessary actions and high costs. By adopting 

predictive maintenance, companies can use past 

maintenance data and current sensor measurements to 

predict potential failures before they occur. This 

approach reduces maintenance costs, increases 

equipment reliability, and improves operational 

efficiency (Meddaoui et al., 2024). 

 

Strategies for Integrating AI Insights into OHS 

Protocols 

El-Helaly 2024 case studies effectively integrate AI 

insights into OHS protocols; organizations must 

establish a feedback loop where data-driven 

recommendations directly inform policy updates. This 

includes training personnel to interpret AI outputs, 

embedding insights into operational workflows, and 

regularly updating the AI systems to reflect evolving 

risks. Collaborative efforts between AI developers, 

safety officers, and employees ensure the 

recommendations are practical and actionable. It is 

crucial to implement measures such as providing 

training for both employers and employees, along with 

establishing policies and guidelines to regulate the 

integration of AI in the workplace (El-Helaly 2024). 

 

VII. IMPLICATIONS FOR FACILITY 

MANAGEMENT AND WORKFORCE 

SAFETY 

 

Potential Benefits: Reduced Workplace Incidents and 

Improved Employee Well-Being 

AI’s predictive capabilities can significantly reduce 

workplace incidents by addressing risks before they 

escalate. In Pittsburgh, Allegheny Technologies 

enhanced its safety culture by adopting an IoT-based 

real-time monitoring system with over 200 sensors to 

track temperature, machinery vibrations, and air 

quality. This implementation led to a 30% reduction in 

workplace accidents within the first year (Vorecol, 

2024). AI holds great promise for revolutionizing 

workplace well-being management by offering 
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valuable insights to both researchers and practitioners. 

This can lead to more effective strategies for 

improving employee health, safety, and overall job 

satisfaction (García-Madurga et al., 2024). The 

findings highlight the promising potential of audio-

based AI and the advancements in text interpretation 

with Large Language Models. They advocate for 

integrated, multi-faceted AI systems and responsible 

AI deployment to enhance safety on construction sites. 

Beyond safety metrics, the focus on prevention 

contributes to improved employee well-being, 

ensuring a sense of trust and security among the 

workforce (Murugesan et al. 2023). 

 

How SafeWorkplace Can Reshape Safety Practices 

Across U.S. Facility Management 

Innovative solutions like SafeWorkplace, a 

hypothetical AI platform tailored for facility 

management, have the potential to revolutionize OHS 

practices. Ensuring safety in facility management 

demands a comprehensive strategy that combines 

strict protocols, active employee participation, and 

advanced technology (Ailemen, 2024). 

SafeWorkplace could integrate machine learning, real-

time monitoring, and predictive analytics to offer 

facility managers a comprehensive view of risks 

(Deshpande et al., 2023; Schroeder & Lodemann, 

2021). By providing actionable insights, automated 

alerts, and detailed compliance reports, such platforms 

can streamline safety management while ensuring 

regulatory adherence and reducing non-compliance 

(Beatrice, 2022).  

 

Broader Impacts on Workforce Development and 

Organizational Culture 

AI adoption also shapes broader organizational culture 

by emphasizing a proactive, data-driven approach to 

safety (Zirar et al., 2023). Employees gain confidence 

in their workplace's commitment to well-being, which 

can enhance morale and productivity (Zhenjing  et al., 

2022). Furthermore, integrating AI in OHS fosters 

workforce development by introducing training 

opportunities in data interpretation and AI system 

operation (El-Helaly, 2024). This skill-building  

prepares employees for evolving job roles and aligns 

with the broader shift towards a digitally enabled 

workforce. 

 

 

VIII. CONCLUSION AND 

RECOMMENDATIONS 

 

This article has highlighted the transformative 

potential of artificial intelligence (AI) in enhancing 

occupational health and safety (OHS) risk assessment, 

particularly within facility management. Traditional 

OHS practices often fall short in proactively 

identifying risks and preventing workplace incidents. 

AI-driven tools, such as machine learning algorithms 

and AI-powered cameras, offer advanced capabilities 

to detect patterns, predict hazards, and provide 

actionable insights. These innovations reduce 

workplace incidents and ensure a safer, more efficient, 

and more inclusive environment. However, the 

adoption of AI is not without challenges, particularly 

regarding ethical considerations, data privacy, and 

regulatory compliance. Addressing these challenges is 

crucial for the responsible integration of AI in OHS 

practices. 

 

Practical Recommendations 

1. For OHS Professionals: 

OHS professionals should leverage AI tools to 

complement traditional risk assessment methods. 

Embracing predictive analytics, real-time 

monitoring systems, and data-driven insights can 

significantly improve hazard prevention strategies. 

Also, professionals must undergo training to 

understand and utilize AI outputs effectively. 

 

2. For Facility Managers: 

Facility managers should invest in scalable AI 

platforms structured to their operational needs. 

Collaboration with AI solution providers can 

ensure that systems are customized to detect the 

unique risks associated with specific facilities. 

Managers should also establish clear protocols for 

integrating AI recommendations into existing 

workflows and involve employees in safety 

enhancement initiatives to build trust and 

acceptance. 

 

3. For Policymakers: 

Policymakers must prioritize developing 

comprehensive regulatory frameworks that 

address the ethical and operational implications of 

AI in workplace safety. These frameworks should 

include guidelines for data privacy, algorithm 

https://pubmed.ncbi.nlm.nih.gov/?term=%22El-Helaly%20M%22%5BAuthor%5D
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transparency, and bias mitigation. Policymakers 

should also incentivize AI adoption by providing 

grants or tax benefits to organizations that 

implement innovative safety solutions. 

 

Call to Action 

The integration of AI in workplace safety is no longer 

a futuristic concept but an urgent necessity to meet the 

demands of evolving work environments. OHS 

professionals, facility managers, and policymakers 

must collaborate to adopt AI responsibly, ensuring its 

implementation aligns with ethical principles and 

regulatory standards. By embracing AI-driven 

solutions, organizations can not only safeguard their 

workforce but also create a culture of continuous 

improvement and innovation. This transformative 

journey requires bold action, but the benefits, reduced 

incidents, enhanced well-being, and a future-ready 

workforce, are undeniably worth the effort. The time 

to act is now.  
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